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https://scielo.conicyt.cl/scielo.php?script=sci_arttext&pid=S0718-07642017000300021
https://www.youtube.com/watch?v=pW6nZXeWIGM
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Objectives
GENERAL

Find and implement the best configuration of artificial intelligence
algorithms that allows solving the problem of recognition of emotions in an
unstructured environment.

SPECIFIC

MACHINE )/
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https://medium.com/@curiousily/tensorflow-for-hackers-part-iv-neural-network-from-scratch-1a4f504dfa8
https://www.zonatopandroid.com/aplicaciones-ejercitar-cerebro/
https://www.shutterstock.com/es/image-vector/database-123657808 UNIVERSIDAD
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CLASSIFICATION ALGORITHMS

Advantages

Disadvantages

Naive Bayes

Small amount of training data.
Faster than other methods.

Bad estimation.

Gradient Descent

Easy implementation.
Efficiency.

Requires a huge amount of
data.
Sensitive to feature scaling.

KNN

Simple implementation.
Robust to noisy training data.
Effective with large data.

Computation cost.
Need to determine K.

Decision Tree

Simple to understand and visualize.
Requires little data preparation.

Can handle numerical and categorical
data.

Unstable.
Ambiguous.

Random Forest

Reduction in Over-fitting.
Accuracy.

Slow real time prediction.
Difficult to implement.
Complex algorithm.

Neural Network

High performance.

Non-linear model.

Does not impose any restrictions on
input variables.

Computationally expensive.

Requires large amount of data.

SVM

Effective in high dimensional spaces.
Memory efficience.

Does not provide probability
estimates.
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Advances

SVM

Avan _ad: II/Data Normalization')

ik = m} X
(2141, 148) B |
[ 3. -1 1. ... 7. 3.0 2.7 A
[ 3. 6. -1. ... 7. 3. 2.]
Accuracy: 93.3675852485418% !
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Scope

At the end of the Project, an algorithm should be presented that allows the
detection and classification of diferent emotions by collecting facial micro-
expressions, making use of OpenPose libraries, in addition, this algorithm must
be implemented by testing with real people.
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https://www.codeproject.com/Articles/1232042/Introduction-to-Convolutional-Neural-Networks
https://www.vidaextra.com/hardware/kinect-esta-oficialmente-muerto
https://www.baojpsicologos.es/controlar-emociones-discusiones/ UNIVERSIDAD
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Methodology

e Literature review
e Databases Structure
e Training

e Implementation and Testing
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Schedule

Task \ Week

Bibliographic search

Presentation of the Draft Project

Merge Databases and Pre-
Processing

Feature Extraction with OpenPose

Choice of classification methods

Progress report 1

Train the algorithm of classification

Graphical interface development

Progress report 2

Implement algonthm and test

Evaluation of results and
comections

Functional algorithm test in
different people

Final Presentation -

PERCENTAGE OF EXECUTION
OF THE SCHEDULE It has been executed the 36,5% of the project tasks.

Impediments: The computer with OpenPose installed is broken.
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